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PUEY UNGPHAKORN . .
INSTITUTE FOR Thai households have debt since very young,

ECONOMIC RESEARCH for prolonged period of time and until very old

PIER
» Approx % of working age * ...have debt since young, for » High delinquency especially for
population have debt... prolonged period of time... young adult around 30 years old
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PUEY UNGPHAKORN

INSTITUTE FOR

ECONOMIC RESEARCH

lER

Zooming in by loan type

High prevalence of ploan, auto and credit card for the young

Access to housing loan and credit card limited (less than US), while personal loan is

prevalent...

Credit card

P-loan and others

July 2016: Debt headcount (%)

Housing

Auto

Motorcycle

Loan for business
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Note: (1) Other loan product include OD and other hire purchase and leasing.

2} Loans for business include commercial loan and loan for agriculture




PUEY UNGPHAKORN

INSTITUTE FOR High delinquency for p-loan among the young

|
PIER ECONOMIC RESEARCH

* Delinquency low for housing, high for P-loan, extreme for motorcycle

July 2016: Delinquency headcount (%)
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PUEY UNGPHAKORN
INSTITUTE FOR

{ER ECONOMIC RESEARCH

Over time, more access across all products

* Increasing access...especially auto, credit card and p-loan in the young

Debt headcount (%) 2009-July2016

Credit card P-loan and others

Housing Auto Motorcycle Loan for business
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Note: (1) Other loan product include OD and other hire purchase and leasing.

2) Loans for business include commercial loan and loan for agriculture




View & need from Central Bank

Collateral-based > Risk-based > Information-based

Lending Lending Lending
- Benefit to borrowers, - Grant loans and pricing - Support new players to
who has financial based on credit risk the financial market:
collateral only information mainly on Fintech, Peer to Peer
. financial statements, lending, Crowd Funding
- Low financial access S
bil cashflow estimation and 4 o
ability NCB data - Make decision I:?ased
- Inadequate lendin on borrowers' risk
a , g , - Does not fully support derived from financial
amount due to limitation e . :
start- up entities data, behavior, and social
of collateral

\_ information Y,

- Insufficient source of
public credit information

Source : Bank of Thailand




Hierarchy of Data in Credit Risk Management
Think about “New data sets”

Understand the
creditworthiness

Financial Inclusion for unbanked
customer

Social Behavioral

Financial Account Big data ...

Data

* Transaction level banking
* Credit trade line*
* Demand deposit account

*Credit trade line = Data in Credit 1
bureau, account level



Banker say something about digital transformation...

TYPICAL APPLE PRODUCT...

FT FINANCIAL

TIMES —

Banks N——

Saveup in60%»

A GOOGLE PRODLUCT...

DBS puts bank deals on backburner to !

target digital threat
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We are really going to put our
efforts behind a digital growth
strategy... The window is a five-
year one. If you don't get the

digital transformation right in the YOUR COMPANY'’S APP...
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Every week:
company funded valued over $1B

The Increasingly Crowded Unicorn Club
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Alternative data may provide additional financial payment information on consumers or
otherwise provide information with predictive power; some of the sources of such data are:

+ Utilities (gas, water, electricity)

+ Telecom (TV, mobile, broadband)

*  Rent

» Property/asset record: including value of owned assets

» Publicrecords: beyond the limited public records information already
foundin standard credit reports

» Alternative lending payments (e.g., payday, instalment loan, rent-to-own,
buy-here-pay-here auto loans, auto title loans): including both on-time
and derogatory payment data

» Demand deposit account (DDA) information: including recurring payroll
deposits and payments, average balance, etc.

Source : Oliver wyman



Supplement to

Credit Scoring

- Buying Behavior
- Social Interaction Factors

= Employtist e Past payment history and
iIndebtedness
e Online behavior on the
websites they visit
e the product categories they
shop

Beauty of Transaction Data

MerChant CUStomET e Alipay account balances
e Fulfillment Capacity
o Business Liability o Customer Profile e Personal Characteristics
o Transaction Flow ¢ Spending Behavior e Interpersonal Relationships
o (ategory of Business o Order Transaction
e N1° Si f:lmt:/::k Number of people Dﬂm Friend

e Spending behavior % 1Ze Of Ne umoer o inne , Foliower, S
i t(Jo)L[l(gr?t”H oroeeds $ or 2 Frequency How often ;e::mmunication
: ﬁ,‘:,’:“:,f:’;f’ftjvs SEai 3 Sentimental Sentiment of communication
. S’l?f.?.«i,ﬁ?,”.i?f&SZ’“‘”’ 4 Engagement (Quality) Interaction (Click, Like, Share, Comment,

(Example : Time for Open Impression)
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China: Sesame Credits (Alipay’s Credit scoring)

Personal Identity

*  Education

. Career

*  Household registration

Shopping Habits

*  Shopping history

*  Shopping frequency
*  Price of goods

e Purchase volume

Social Network
*  The more high credit friends you
have, the higher credit you are

Payment Capability

. Evaluate by users’ social insurance,
real estate, cars and other property
information

&) Z s

728

LS

T

ZRDRE

(R fEmEE o fERLE

Sesame credit is a credit scoring system being
constructed by Ant Financial, an Alibaba-
affiliated company

Sesame credit evaluate one’s score in 5
categories

* Personal Identify

* Payment Capability
* Payment History

* Social Network

* Shopping Habits

Users can boost Sesame Credit Score by

* Update more personal information
(Education, Occupation, Car information etc.,)

* Pay bills on time
* Have more high credit score friends
* Shopping more frequently



Korea : Telco score for thin file applicants

T |ad 4
&lco Information

v High Demand on Addtonal Senvice
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Beyond the Financial Data

Source : NICE, Korea
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Marketing

__________
S
~

Credit Info

Marketing in/out Telecom Customer

with Credit Info
and Telecom DB

with Credit Info only

Applicants
with Telecom DB only

Thin-File
Marketing w/ Thin-File

Unique Characteristics to
predict events

Number of Contacts

Number of Cell Tower Used
(or pattern of usage)

Application Usage Pattern

Call Pattern (in/out bound)

Data Usage Pattern

Usage Volume (Call/Data/SMs)
Device Status (Purchased/Financed)
Service (or Contract) Duration
Base Monthly Service Type



lllustration of the Khmer-Score (K-Score) specific to
Cambodia

CBC Bureau Score

. Moderate Ry Scorecard: MFI
: N Score: 733
\ Score Index Moderate
0 Good/Bad Odds:  40.22: 1
G Bad Rate 2.42%

- =

-200 <100 0 100 200 300 400 500 600 700 800 900 1000 1100 1200

Confidential Property of Credit Bureau Cambodia

Opportunity with
digital




Consumer Credit scoring report, format & design by BoT
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